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Abstract 

There are many instruments that have been designed to measure assessment 

practices skills, but very few have been validated for their soundness and 

consistency in measuring lecturers’ assessment practices skills. This study was 

undertaken to examine the psychometric properties of the Assessment Practices 

Inventory Modified (APIM) scale, and its soundness in measuring assessment 

practices skills among university lecturers. A quantitative survey research 

design was adopted for this study. The 50-item APIM scale on a five-point 

Likert scale was administered to a sample of 321 lecturers randomly selected 

from six universities in Uganda. The data collected was analysed using 

WINSTEPS Rasch Measurement Modelling Program for both Classical Test 

Theory (CTT) and Item Response Theory (IRT) to test the psychometric 

properties of the APIM scale. From the results of both the CTT (Cronbach’s 

alpha and the point bi-serial coefficients) and IRT (category probability curve, 

item and persons’ reliabilities, item characteristic curve, item difficulty, fit 

statistics, and principal component analysis) in this study, the APIM scale was 

found to have adequate psychometric properties in measuring assessment 

practices skills among university lecturers. The APIM scale was also found to 

be invariant to gender of the university lecturers. In conclusion, the APIM scale 

has been found to be sound and consistent in measuring university lecturers’ 

assessment practices skills. This study has pronounced a sound and consistent 

instrument in measuring assessment practices skills among university lecturers 

in Uganda, and has provided universities in Uganda with a valid and reliable 

instrument which will measure assessment practices skills of their lecturers. The 

results of this study have highlighted that the APIM scale can universally 

measure assessment practices skills among university lecturers. 

Keywords: validation, assessment practices inventory modified, Rasch 

measurement analysis  

Assessment is an interaction in which lecturers closely observe and 

collect information about student learning, interpret it, and apply the results 

from the assessments (Fatmawati, 2011; Singh, Lebar, Kepol, Abdul-Rahman, 

& Mukhtar, 2017; Orzolek, 2006). In the assessment process, lecturers gather 

what students have learnt in order to measure whether the learning goals have 

been achieved (MOE, 2010; NCCA, 2005; Satterly, 1989). The information 

obtained through assessments helps lecturers to understand the students’ levels 

of learning, helps in making academic decisions, and can be used to improve 
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student learning (ACRL, 2017; Ainsworth & Viegut, 2006; Hassel & Ridout, 

2018; Hindi & Miller, 2000; Martell & Calderon, 2005; Popper, 2005). The 

importance of assessments in student learning necessitates having an instrument 

with high precision to measure the lecturers’ skills in assessing students. This 

would help in controlling quality in student learning.  

Assessment practices skills are proficiencies in which lecturers design 

tests, award scores/ grades, analyse them, and use the results from the 

assessments to improve student learning (Ainsworth & Viegut, 2006; Brown, 

2003; Coates, 2015; McClarty & Gaertner, 2015). The Assessment Practices 

Inventory Modified (APIM) scale validated in this study measures the lecturers’ 

assessment design, administration, interpretation, and application skills in 

assessing students. According to the different studies done on assessment 

practices, there is lack of evidence on validated instruments used to collect 

information about lecturers’ assessment practices skills (Connoley, 2004; 

Greatorex, Johnson, & Coleman, 2017;  Lai et al., 2015; O’Donovan, Price, & 

Rust, 2001; O’Grady, 2006; Price & Rust, 1999; Rousselot et al., 2018; Russell 

& Markle, 2017; Watkins, 1998). Therefore, it is important to get an appropriate 

instrument that can measure university lecturers’ assessment practices skills 

adequately. The purpose of this study was to validate whether the APIM scale is 

adequate in measuring assessment practices skills among university lecturers. 

The validation was to understand whether the categories and items in the APIM 

scale were functioning well and contributing to the uni-dimensionality of the 

instrument. The study also examined whether the APIM scale is invariant to 

gender as a moderating variable. 

Literature Review 

The quality of results from assessments in universities can only be 

guaranteed to be accurate and reflecting the learning objectives if there is an 

appropriate instrument to measure the lecturers’ skills in the assessing students. 

Several studies have been conducted to examine university lecturers’ skills in 

assessing students (Alkharusi, 2012; Biggs, 2003; McMillan, 2001), but no 

study has clearly defined an instrument that can measure university lecturers’ 

assessment practices skills adequately. According to the literature of assessment 

practices, different theories have been developed to explain how university 

lecturers can assess their students. Different theories highlight different skills in 

assessment practices, but all the skills in the various theories can be summed up 

into four major components; design, administration, interpretation and 

application (Ainsworth & Viegut, 2006; Braney, 2010; Burry-Stock & Frazier, 

2008). 

 From the various modern theories that explain assessment practices, a 

theory proposed by Ainsworth and Viegut (2006) can be used to explain the 

skills of design, interpretation, and application in assessment practices 

(Ainsworth & Viegut, 2006; Braney, 2010). The literature of institutional 

support for student assessment explains the component of administration in 
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student assessment (Peterson, Einarson, Augustine, & Vaughan, 1999a). 

Ainsworth and Viegut (2006) claim that the student assessment process 

comprises of the way an assessment is designed, interpreted, and how the 

assessment results are used or applied. Peterson et al. (1999a) highlight on how 

administration is an important aspect in the student assessment process. In the 

previous studies done on assessment practices, it is mentioned that the 

Ainsworth and Viegut (2006) theory explains student assessment better than any 

other modern assessment theory (Braney, 2010).  

Design 

Design is the first level of the assessment process which prepares 

ground for other levels in this process. Designing of an assessment should be 

done in contemplation of how the assessment will be administered, scored and 

interpreted, and how the different stakeholders will use the feedback. A well-

designed assessment should be set according to the priority standards, have 

unwrapped standards, and multiple measures (Ainsworth, 2003a; Ainsworth & 

Viegut, 2006). Priority standards are the essential components students should 

know and be able to execute in an assessment while unwrapped standards are 

concepts and skills lecturers use to measure the students’ progress towards a 

particular standard (Ainsworth, 2003b). Multiple measures is the use of 

different types of questions in an assessment which helps to capture an accurate 

picture of the student learning (Braney, 2010; Marzano, 2003). 

Interpretation 

During the interpretation of assessment, lecturers would like to 

understand the learning outcomes of students as individuals and as groups in a 

particular course. Interpretation of assessments involves scoring and analysing 

of the assessment results. In scoring an assessment, students are awarded scores/ 

grades according to their academic efforts while analysing is the organising of 

assessment results in order to draw meaning out of them. Scoring and 

interpreting of assessment results requires assessment expertise to avoid 

misinterpretations in the students’ scores or grades (O’Connor, 2009). 

Interpretation of assessments can be undertaken by individual lecturers or as a 

group in order to make conclusive decisions about student performance 

(Reeves, 2004). Analysing results as a group builds consensus with regard to 

students’ proficiency (Braney, 2010). 

Application 

After assessment results have been obtained, they can be used for 

various purposes in the learning process. The obtained assessment results can be 

used to make education decisions, refine the next test for proficiency, design 

policy, and to improve the learning process (Ainsworth & Viegut, 2006; 

Peterson et al., 1999a). In application or use of student assessment results, this 

might also involve giving feedback to students on what they have obtained in 

the previous assessment (Reeves, 2004). 
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Administration 

This is the management support given by the individual lecturers or by 

the administration of the university towards the assessment process (Peterson, 

Einarson, Augustine, & Vaughan, 1999b). The administrative support by the 

individual lecturers and institutions helps in the smooth running of the 

designing, scoring, and grading processes in the student assessment (Gibbs, 

2006). The administrative support activities in the assessment process range 

from communicating results to students to controlling external influence in the 

assessment process. 

Research Objectives 

The general objective of this study was to examine the psychometric 

properties of the Assessment Practices Inventory Modified (APIM) scale. In the 

validation scale, the study specific objectives were; 

1. To find out the reliability and validity of the APIM scale; 

2. To examine the category and item functioning in the APIM scale; and 

3. To examine whether the APIM scale is invariant to gender of the 

university lecturers. 

Methods 

This section highlights the techniques and methods used in conducting 

the validation of the APIM scale.  

Measures 

The APIM scale is an instrument designed to measure assessment 

practices skills among university lecturers in Uganda. To test the psychometric 

properties of the APIM scale, Rasch measurement model using WINSTEPS 

version 3.64.2 was used. Rasch measurement analysis using Item Response 

Theory (IRT) was used to test the APIM scale’s soundness and consistency in 

measuring assessment practices skills, though it also gave results for Classical 

Test Theory (CTT). Rasch measurement analysis’ ability to transform ordinal 

scores into logits and to measure the person’s relative assessment skills onto the 

item difficulty on the same continuum made it the most appropriate method to 

validate the APIM scale (see Ainol-Madziah & Noor-Lide, 2006; Hambleton et 

al., 1991; Rasch, 1960; Rasch, 1966; Wright & Masters, 1982; Wright & Mok, 

2000). Rasch measurement analysis was used to examine the Cronbach’s alpha 

and the point bi-serial coefficients using CTT while the person and item 

reliabilities, fit statistics, item difficulty, person-item map, category function, 

and Differential Item Functioning (DIF) were measured using IRT to determine 

the APIM scale’s precision in measuring university lecturers’ assessment 

practices skills. 
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Design 

This study involved three major phases; (a) developing the APIM scale, 

(b) data collection, and (c) conducting CTT and IRT analyses using Rasch 

measurement analysis. After developing the APIM scale it was given to 6 

experts in the area of assessment and evaluation for content validation. The 

experts highlighted that the APIM scale was adequate to measure the lecturers’ 

skills in assessment practices. Later, the APIM scale was administered to 

university lecturers in Uganda who participated in the study willingly and also, 

completed the scale anonymously. 

Sample 

A sample of 321 lecturers was selected using simple random sampling 

technique from six universities in Uganda. The universities were also randomly 

selected equally from both private and public universities, that is, three 

universities each from category. The sample was selected by putting into 

consideration of the the lecturers’ gender as a moderating variable. 

Instrumentation 

The APIM scale which collected data for this study consists of 50 items 

(see appendix). The items in the scale were adopted and adapted from the 

Assessment Practices Inventory Revised scale (APIR) (Burry-Stock & Fraizer, 

2008), the Assessment Practices Inventory scale (API) (Zhang & Burry-Stock, 

1994), and from literature of Institutional Support for Student Assessment 

(Peterson et al., 1999a). The APIR and API were previously used to collect 

information about assessment practices skills of school teachers. The items of 

the APIM scale are divided into four subscales and are on a 5-point Likert-scale 

on which university lecturers rated the way they perceived their skills in terms 

of assessment practices. The APIM rating scale ranges from not at all skilled to 

highly skilled (1 = Not-at-all-skilled, 2 = A-little-skilled, 3 = Some-what-skilled, 

4 =Skilled, and 5 = Highly-skilled). The underlying dimensions in the APIM 

include design (Items 6, 7, 17, 20, 23, 24, 29, 32, 33, 34, 35, 36, 37, and 38), 

administration (Items 1, 9, 14, 15, 18, 19, 22, 25, 28, 31, 41, 42, and 44), 

interpretation (Items 2, 3, 5, 13, 16, 21, 26, 27, 43, 45, 46, and 47), and 

application (Items 4, 8, 10, 11, 12, 30, 39, 40, 48, 49, and 50). The subscales in 

the APIM scale correspond to variables which have been mentioned in other 

literatures about assessment practices skills. The underlying dimensions of the 

APIM scale were extracted based on the results of Exploratory Factor Analysis 

when the 50 items in the scale were run in one model (see Table 1).  
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Table 1 

Dimensions of the APIM Scale 

Dimension Description Items 

Design Developing of assessments 6, 7, 17, 20, 23, 24, 29, 32, 

33, 34, 35, 36, 37, 38 

Administration Management of assessments 1, 9, 14, 15, 18, 19, 22, 25, 

28, 31, 41, 42, 44 

Interpretation Understanding assessment 

results 

2, 3, 5, 13, 16, 21, 26, 27, 43, 

45, 46, 47 

Application Use of assessment results 4, 8, 10, 11, 12, 30, 39, 40, 

48, 49, 50 

Validity and Reliability 

Validity is referred to as the relevancy of the collected information to 

the issue being investigated while reliability is the stability or consistency of an 

instrument that undertakes a measurement (Airasian & Russell, 2008; Messick, 

1989). Validity and reliability need to be clearly scrutinised in order to 

pronounce the precision of any measurement instrument. Conducting validity 

and reliability for the APIM scale was necessary because the scale was newly-

developed. Rasch measurement analysis was used to examine the validity and 

reliability of the APIM scale. In this study, the reliability of the APIM scale was 

.93 which is very good. This indicated that the APIM scale had good precision 

in measuring skills in assessment practices of university lecturers. 

Findings 

In validating the APIM scale, the Category Probability Curve (CPC) 

was examined to understand how the items functioned in the scale. Examining 

the category functioning of a scale is done by predicting item values to the 

person locations on the latent trait (Andrich, 2005; Hagquist & Andrich, 2004a, 

b; Hagquist, 2001, 2008). The CPC was inspected to examine whether the 

APIM rating scale had well-defined, ordered, and simple categories to explain 

the university lecturers’ assessment practices skills (see Linacre, 1999a, b; Shaw 

et al., 1992; Smith et al., 2003). Using Rasch measurement model the 50 items 

on 5 categories were examined on their category fit. The step values generated 

in the structure measure increased monotonically but did not show 

distinctiveness between categories 2-3 (-.67) and 3-4 (.20). This illustrated that 

the categories did not function as expected (see Bond & Fox, 2007; Linacre, 

1999b, 2011) (see Table 2). 
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Table 2 

Summary of the Category Structure of the 50 Items 

Category 

label 

Observed 

Counts 

 

% 

Average 

Measures 

Infit 

MnSq 

Outfit 

MnSq 

Structure 

Measure 

Category 

Measure 

1 444 3 -.12 1.03 1.05 None (-2.94) 

2 2091 13 -.06 1.03 1.03 -1.61 -1.33 

3 4900 31 .31 1.00 1.02 -.67 -.14 

4 6507 41 .67    1.00   1.00 .20 1.28 

5 2105 13 1.26 .95    .97 2.08 (3.28) 

Note: % = Percentage, Mnsq = Mean Square 

The categories of the CPC ranged from -1.61 to 2.08 and they measured 

between -2.94 and 3.28 with the average measure not increasing proportionally 

with the categories (Table 2). The CPC in Figure 1 highlights that the peaks of 

categories 2 and 3 were not distinctive enough to illustrate further that the 

thresholds were not well-defined (see Figure 1). 

 

Figure 1. Category Probability Curve for the Un-Collapsed Model 

According to the CPC in Figure 1, if the persons’ skills in assessing 

students were less 1 logit than the difficulty of the items, the probability of 

selecting response category “5” is close to 0, selecting response category “4” is 

about .10, selecting response category “3” is close to .30, selecting response 

category “1” is close to .25, and selecting response category “2” is close to .40. 

The Cronbach’s alpha (KR20) of the model was .93, and there were no items 

with negative point bi-serial correlations. This highlights that all the 50 items in 

the APIM scale functioned adequately on the latent trait (Linacre, 2006). The 

infit and outfit statistics analyse the internal and external validity of a 

measurement instrument respectively (Linacre, 2009). From the item misfit 

statistics, the mean squares (MnSq) and z-scores (Zstd) values of Item 28 

(administering quizzes) were both 1.61 which is greater than the critical value 

(1.50 logits) to reveal that it is a misfit in the scale, as in Table 3. The MnSq 
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value of 1 and the z-scores of 0 are ideal for a Likert scale (Bond & Fox, 2007; 

Linacre, 2009; Wright et al., 1994). 

Table 3 

Item Misfit Statistics 

    Infit Outfit PT-Corr 

No Item Measure Error MnSq Zstd MnSq Zstd  

28 Q28 -.03      .07 1.61*    6.7* 1.61* 6.8* .21 

Note: * = Misfit, MnSq = Mean Square, Zstd = Standardised Scores. 

Collapsing Categories 

Collapsing the categories of the APIM scale was done to improve on the 

distinctiveness of the categories in the model. During the collapsing of the 

categories, Item 28 was excluded because inestimable items do not contribute to 

the construct, have less discriminatory power, and degrade the scale in Rasch 

measurement analysis (Pomeranz et al., 2008). Category 2 was collapsed into 

category 1 to have the extreme categories of the scale reserved (not at all skilled 

and highly skilled). Collapsing the categories led to realising categories which 

are more distinctive, well-defined, and monotonic in their step ordering 

calibrations. The CPC of the collapsed categories in Figure 4 show that each 

category represented a distinct portion of the underlying construct.  

In the collapsed model the reliabilities for both items and persons were 

the same (.93), and did not differ from those of the un-collapsed model (.93). 

The Cronbach’s alpha (KR20) for the 49 items in the APIM scale was .93 (see 

in Table 4). This was greater than the critical value (.70) indicating good 

reliability for a measurement instrument (see Bond & Fox, 2007; Fisher, 2007; 

Garson, 1998; Gleim & Gleim, 2003; Tavakol & Dennick, 2011). The 

Cronbach’s alpha value tentatively explained that APIM scale satisfied evidence 

of the construct being reliable (Gleim & Gleim, 2003). Despite the categories 

which were not well-defined in the un-collapsed model, the reliabilities for both 

the items and persons reveal that the APIM scale was adequate in measuring the 

skills in assessment practices among university lecturers. The observed 

reliabilities reflect that there was consistency in the items and the instrument 

which measured the university lecturers’ assessment skills. After collapsing the 

categories all the 49 items in the model had adequate fit statistics with the peaks 

of their categories distinctive enough to fit the theoretical curve (see Bond & 

Fox, 2007).  

The item separation index of 3.70 in Table 5 reflects that the items were 

spread into approximately four levels. This shows that the items were 

sufficiently separated in terms of their difficulty, and highlighted the direction 

and meaning of the latent scale (Wright & Stone, 2004). Good item separation is 

an indication of a small error within the items and evidence of uni-

dimensionality in a measurement construct (Bond & Fox, 2001). The persons’ 
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separation index of 3.61 in Table 4 means that the lecturers’ assessment skills 

were split into approximately four levels on the Rasch scale. 

Table 4 

Summary Statistics of the 303 Measured Lecturers 

 Raw 

Score 

  Model 

Error 

Infit Outfit 

 Count Measure MnSq Zstd MnSq Zstd 

Mean 122.5 49.0 -.07      .18 1.00 -.1 1.00 -.1 

S.D 20. .0 .54 .02 .29 1.7 .30     1.7 

Max 182.0 49.0 2.61 .30       1.47 3.1 1.50     3.1 

Min 73.0 49.0         -1.80 .17 .51 -2.8 .48    -2.9 

 Real      RMSE        .20  Adj.SD .71         Separation 3.61        Lecturer Reliability .93  

Model    RMSE       .19   Adj.SD .71       Separation 3.84          Lecturer Reliability .94 

S.E. of Item Mean = .04 

 Note: Cronbach Alpha (KR-20) Lecturers Raw Score Reliability = .93, Deleted: 18 

Persons 

Table 5 

Summary Statistics of the 49 Measured Items 

 Raw 

Score 

  Model 

Error 

     Infit   Outfit 

 Count Measure MnSq Zstd MnSq Zstd 

Mean 757.4 303.0 .00 .07       1.00     -.1 1.00     .0 

S.D 53.8 .0 .29      .00        .17 2.2 .16     2.2 

Max 884.0 303.0 .64      .08      1.48     5.3 1.49     5.9 

Min 639.0 303.0 -.71     .07        .74 -3.9 .74    -3.9 

 Real      RMSE        .08  Adj.SD  .28         Separation 3.70           Item   Reliability  .93  

Model    RMSE        .07  Adj.SD  .28       Separation 3.84             Item   Reliability  .94 

S.E. of Item Mean = .04 

Note: Deleted: 1 Item 

The lecturers’ assessment skills mean estimate of -.07 in Table 4 

indicates that the sample’s assessment skills were slightly lower than the mean 

of items (.00). In good results the person and item averages should correspond 

to 0 or, be close to 0. The standard deviation in the persons’ assessment skills 

(.54) in Table 4 indicates that there was an average spread of the persons’ 

measures. The average model error is small which is between .07 and .08 to 

highlight that the items did not greatly deviate from each other in terms of item 

response. The item mean of 0 indicates an average spread of the items to the 

participants in the study, while the standard deviation of .29 reflects no greater 

dispersion of the item measures. This reflects that the items in the APIM scale 

had an average spread in the item measures on which they purportedly 

measured, and were appropriate for the sample (see Pomeranz et al., 2008), as 

seen in Figure 3. 
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Figure 2. Person – Item Map for 49 Items  
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According to the person-item map in Figure 2, all the items had skills 

they measured, but some skills lacked items to measure them. From the eigen-

values of the principal component analysis of residuals, it is noted that the item 

inter-correlations that were not accounted for by the latent trait were not too 

high for all the contrasts (Table 6). The results in the principal component 

matrix reveal that the APIM scale is a uni-dimensional instrument because there 

is good agreement between the empirical and modelled percentages. The ratio of 

variance explained by the items in the model and the first contrast is 3.8 

(32.9/8.7), which is below the critical value (4.0). The variance explained by the 

measure (52.6%) is also strong to conclude that the uni-dimensionality evidence 

of the APIM is met. 

Table 6 

Principle Component Analysis of Standardized Residual Correlation  

 Empirical Modelled 

 Eigen 

values 

% of 

variance 

% of 

variance 

Total variance in observations 28.9   100.0 100.0 

Variance explained by measures 15.2    52.6 52.7 

       Variance explained by persons 5.7 19.7 20.0 

       Variance explained by items 9.5 32.9 33.2 

Unexplained variance (total) 13.7    47.4 47.3 

       Unexplained variance explained by 1st factor 2.5    8.7  

       Unexplained variance explained by 2nd factor 2.0     7.0  

       Unexplained variance explained by 3rd factor 1.7     5.9  

Variance: By item/ 1st contrast  32.9/8.7 = 3.8 

Note: Last Row: Ratio of Variance Explained by Items to Unexplained Variance in the 

1st Contrast 

According to the Item Characteristic Curve (ICC) in Figure 3 it is noted 

that most of the observed scores in the ten-class interval perfectly aligned on the 

expected curve, and were very close to one another with minimal deviations. 

This shows that there was good fit between the expected values and observed 

scores. The category probability curve in Figure 4 highlights that the categories 

are monotonically ordered, and are more distinctively defined than in the 

categories before collapsing. This is because the Rasch-Andrich thresholds and 

the categories are distinctively ordered while predicting the item scores as a 

function of both the item and person locations on the latent trait (see Hagquist, 

2001, 2008). 
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Figure 3. Item characteristic Curve for 

the 49 items 

 

Figure 4. Category Probability Curve 

for collapsed model 

In comparison of the ICC and CPC in Figure 3 and Figure 4 

respectively, the university lecturers that had low skills in assessment practices 

had a higher probability of rating high the items which are easy to endorse in the 

APIM scale. On the other hand, university lecturers with high skills in 

assessment practices also had a high probability of endorsing items which were 

hard to endorse. 

Differential Item Functioning 

The items of the APIM scale were examined on how they functioned on 

the different groups of participants who responded to them. According to Bond 

and Fox (2007) Rasch measurement analysis instruments need to have items 

with relative estimates, that is, those which are invariant across sub-groups of 

persons they measure. Examining gender on the differential item functioning, it 

was discovered that male and female lecturers did not differ on the items in the 

APIM scale. The differential item functioning difficulty indexes for both male 

and female lecturers were not different when other elements were kept constant 

at a confidence level of 95% of the t-value. It is noted that the maximum value 

of the items for the t-values is 1.84 which is less than the critical level (2.00). 

The results of the differential contrasts of all the items are observed to be less 

than .50 which indicates that the items of the APIM scale function appropriately 

to both male and female lecturers (see Lai & Eton, 2002; Linacre, 2011; Pallant 

& Tennant, 2007). According to the differential item functioning measures it is 

revealed that the items do not seem different for the two groups (males and 

females) of lecturers in terms of functionality as seen in Figure 5. 
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Figure 5. GDIF Plot of Assessment Practices among Lecturers 

Discussion and Conclusion 

In this study it has been demonstrated that the APIM scale is adequate 

in measuring assessment practices skills among university lecturers. Only one 

item was found not function as expected. It was removed from the scale to 

control quality in item functioning of the remaining items (see Jackson, 

Draugalis, Slack, & Zachry 2002). Using CTT approach, the Cronbach’s alpha 

(KR20) and the point bi-serial coefficients gave a tentative explanation that the 

APIM scale is appropriate in measuring assessment practices skills among 

university lecturers. The IRT using Rasch measurement analysis analysed the fit 

statistics, reliabilities for persons and items, category functioning, and DIF to 

conclude that the APIM scale is adequate in measuring assessment practices 

skills among university lecturers. According to the gender differential item 

functioning (GDIF) results, the APIM scale is invariant to gender highlighting 

precision in the measurement. The results of the GDIF in this study do not show 

measure of the same capabilities (assessment skills) of the different groups of 

university lecturers (males and females) but only their response differences (see 

Maller, 2001). From the results of this study the items in APIM scale have been 

found to be adequate in measuring university lecturers’ assessment practices 

skills. The results of principle component analysis of residuals have 

demonstrated that the APIM scale is sound and internally consistent (see 

Andrich, 1988). Though the APIM scale has been found to be a sound 

instrument in measuring assessment practices skills among university lecturers, 

it is recommended that there is room for improvement of the scale by adding 

more items to measure skills which were not captured in this study (see Figure 

2). It is also recommended that more validations should be done on the scale to 

elaborate it further. This would expand its applicability beyond the university 

lecturers to instructors in other higher education institutions like colleges and 

polytechnics.  
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Appendix: Assessment Practices Inventory Modified Scale  

S/N Items NS LS SW S HS 

1 Communicating grading procedures to students/ parents. 1 2 3 4 5 

2 Marking according to university assessment policy and 

standards. 

1 2 3 4 5 

3 Considering rubrics when marking/ grading students in 

an assessment. 

1 2 3 4 5 

4 Using assessment results to enhance instructional 

delivery. 

1 2 3 4 5 

5 Protecting students’ confidentiality with regard to test 

scores or grades. 

1 2 3 4 5 

6 Aligning tests to university assessment standards. 1 2 3 4 5 

7 Developing standardised proficiency tests. 1 2 3 4 5 

8 Demonstrating ‘good’ or ‘bad’ projects when I give 

assessments. 

1 2 3 4 5 

9 Providing students with guidelines to assess their own 

work. 

1 2 3 4 5 

10 Using previous assessment results to improve course 

outlines. 

1 2 3 4 5 

11 Using assessment results in making decisions about 

individual students (graduation, research grants, 

placement etc). 

 

1 

 

2 

 

3 

 

4 

 

5 

12 Using assessment results to prepare content for the next 

lecture(s). 

1 2 3 4 5 

13 Awarding scores according to the weight of the 

project, test, or item being assessed. 

 

1 

 

2 

 

3 

 

4 

 

5 

14 Communicating assessment results to students. 1 2 3 4 5 

15 Using the criterion-referenced assessment/ grading model. 1 2 3 4 5 

16 Incorporating extra credit activities in student grades. 1 2 3 4 5 

17 Involving students in assessment design and 

development. 

1 2 3 4 5 

18 Recognizing unethical use of assessment information. 1 2 3 4 5 

19 Recognizing inappropriate methods of assessment. 1 2 3 4 5 

20 Selecting an appropriate assessment that can accurately 

measure students’ achievement. 

 

1 

 

2 

 

3 

 

4 

 

5 

21 Organizing student assessment results to make meaning. 1 2 3 4 5 

22 Conveying to students what subject matter is to be 

assessed. 

1 2 3 4 5 

23 Using cognitive taxonomies (e.g. Quellmalz, Bloom etc) 

in designing assessment. 

 

1 

 

2 

 

3 

 

4 

 

5 

24 Constructing tests items that match classroom instruction. 1 2 3 4 5 

25 Avoiding teaching to test when preparing students for 

assessments. 

1 2 3 4 5 

26 Calculating and interpreting student assessment scores. 1 2 3 4 5 

27 Incorporating effort into students’ final achievement 

grades. 

1 2 3 4 5 

28 Administering quizzes. 1 2 3 4 5 

29 Constructing tests based on clearly defined course 

objectives. 

1 2 3 4 5 

(continued) 
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Appendix: Assessment Practices Inventory Modified Scale (continued) 
S/N Items NS LS SW S HS 

30 Comparing obtained assessment results with 

instructional and course objectives. 

1 2 3 4 5 

31 Emphasizing quality control when assessing students. 1 2 3 4 5 

32 Writing multiple-choice questions. 1 2 3 4 5 

33 Writing true/false questions. 1 2 3 4 5 

34 Writing fill-in-the-blank/short answer questions. 1 2 3 4 5 

35 Writing essay questions. 1 2 3 4 5 

36 Writing test items at higher cognitive levels (inference 

and evaluation). 

1 2 3 4 5 

37 Constructing marking schemes for scoring essay 

questions. 

1 2 3 4 5 

38 Ensuring adequate content sampling when setting tests. 1 2 3 4 5 

39 Using previous assessment results in designing the next 

test(s). 

1 2 3 4 5 

40 Using assessment results to define/ refine a grading rating 

scale. 

1 2 3 4 5 

41 Communicating assessment criteria to students in 

advance. 

1 2 3 4 5 

42 Controlling external stakeholders influence when 

assessing students. 

1 2 3 4 5 

43 Assessing group/ individual class participation. 1 2 3 4 5 

44 Controlling institutional (university) influence when 

assessing students. 

1 2 3 4 5 

45 Incorporating students’ attendance in academic 

achievement (Grades). 

1 2 3 4 5 

46 Weighing and interpreting grades from assessments. 1 2 3 4 5 

47 Assigning grades. 1 2 3 4 5 

48 Using overall results of students’ performance (e.g. 

Grades, CGPA etc). 

1 2 3 4 5 

49 Revising tests based on item analysis. 1 2 3 4 5 

50 Obtaining diagnostic information from assessment 

results. 

1 2 3 4 5 

1 = not at all skilled (NS), 2 = a little skilled (LS), 3 = some-what skilled (SW),             

4 = skilled (S), 5 = highly skilled (HS) 


